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Ionic Mechanisms in the Generation of Subthreshold Oscillations and
Action Potential Clustering in Entorhinal Layer II Stellate Neurons
Erik Fransén,1* Angel A. Alonso,2 Clayton T. Dickson,3 Jacopo Magistretti,4
and Michael E. Hasselmo5

ABSTRACT:
A multicompartmental biophysical model of entorhinal cortex layer II stellate cells was developed to analyze the ionic basis of physiological properties, such as subthreshold membrane potential oscillations,
action potential clustering, and the medium afterhyperpolarization. In particular, the simulation illustrates the interaction of the persistent sodium
current (INaP) and the hyperpolarization activated inward current (Ih) in the
generation of subthreshold membrane potential oscillations. The potential
role of Ih in contributing to the medium hyperpolarization (mAHP) and
rebound spiking was studied. The role of Ih and the slow calcium-activated
potassium current IK(AHP) in action potential clustering was also studied.
Representations of Ih and INaP were developed with parameters based on
voltage-clamp data from whole-cell patch and single channel recordings of
stellate cells (Dickson et al., J Neurophysiol 83:2562–2579, 2000; Magistretti
and Alonso, J Gen Physiol 114:491–509, 1999; Magistretti et al., J Physiol
521:629 – 636, 1999a; J Neurosci 19:7334 –7341, 1999b). These currents
interacted to generate robust subthreshold membrane potentials with amplitude and frequency corresponding to data observed in the whole cell patch
recordings. The model was also able to account for effects of pharmacological manipulations, including blockade of Ih with ZD7288, partial blockade
with cesium, and the inﬂuence of barium on oscillations. In a model with a
wider range of currents, the transition from oscillations to single spiking, to
spike clustering, and ﬁnally tonic ﬁring could be replicated. In agreement
with experiment, blockade of calcium channels in the model strongly reduced clustering. In the voltage interval during which no data are available,
the model predicts that the slow component of Ih does not follow the fast
component down to very short time constants. The model also predicts that
the fast component of Ih is responsible for the involvement in the generation
of subthreshold oscillations, and the slow component dominates in the generation of spike clusters. © 2004 Wiley-Liss, Inc.
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INTRODUCTION
In this work, biophysical modeling is used to study the
ionic basis of salient electroresponsive properties of layer
II stellate cells (SCs), such as subthreshold membrane
potential oscillations (MPOs), action potential clustering
and the medium afterhyperpolarization (mAHP) (Klink
and Alonso, 1993). We show how these physiological
properties of SCs could strongly depend on a hyperpolarization activated cation current Ih. In particular, the
role of this current in the generation of MPOs was analyzed because it has been shown in SCs that the Ih, rather
than a slow potassium conductance, is critically involved
in the repolarizing phase of the oscillation (Dickson et al.,
2000), and h-channels are highly abundant in SCs
(Alonso and Llinas, 1989; Dickson et al., 2000; Vasilyev
and Barish, 2002). Further, clustering is known to depend on a calcium inﬂux (Klink and Alonso, 1993), presumably affecting a Ca-dependent potassium current.
However, the residual clustering remaining after a Caconductance block (Klink and Alonso, 1993) is shown to
be due potentially to Ih deactivation. Simulation of these
physiological properties in detailed compartmental simulations is an important step in investigating their role in
network dynamics.
A number of different currents have been proposed to
play a role in subthreshold MPOs in different neuronal
populations (Alonso and Llinas, 1989; Wang, 1993;
Gutfreund et al., 1995; Pape et al., 1998), but different
neuronal subtypes appear to show subthreshold oscillations, depending on different sets of currents. Most previous work on subthreshold oscillations in entorhinal
cortex stellate neurons (Wang, 1993, White et al., 1995,
1998) has focused on a potential interaction between a
persistent sodium current and an outward rectiﬁer. However, recent experimental data (Dickson and Alonso,
1998, Dickson et al., 2000), modeling work (Fransén et
al., 1998, Dickson et al., 2000), and the present modeling analysis suggest that interactions between the persistent sodium current and the hyperpolarization activated
inward current (Ih) are the crucial elements for the generation of MPOs in these neurons. The biophysical simulations we now present provide a detailed analysis of this
potential role of Ih in generating subthreshold oscillations.
A hyperpolarization-activated nonselective cationic
current has been described in a number of different cell

_________________________________

OSCILLATIONS AND CLUSTERING IN EC LAYER II NEURONS

types, including cardiac pacemaker cells (DiFrancesco et al.,
1986), where it is termed If, as well as a rich diversity of brain
neurons (Pape, 1996) and thalamic neurons (McCormick and
Pape, 1990). While these different currents share a common proﬁle of activation, causing a depolarizing “sag” of the membrane
potential during the later stages of a hyperpolarizing current injection, several differences in the gating of these currents are evident
in different neuronal subtypes, and they are related to the expression of different h-channel subtypes (Ludwig et al., 1998; Santoro
et al., 1998). Signiﬁcantly, native h-currents exhibit greater diversity in their gating behavior than the different h-channels isoforms,
when expressed in heterologous cells (Robinson and Siegelbaum,
2003) caused by the expression of different h-channel subtypes
(Santoro et al., 2000). Therefore, a number of models of the hcurrent have been presented based on experimental work in a variety of cell types. Using a model of the steady-state activation and
the activation time constant, voltage-clamp and current-clamp
simulations have been carried out for neurons of the rat sensorimotor cortex (Spain et al., 1987; Hutcheon et al., 1996a,b), and
thalamic relay neurons (McCormick and Pape, 1990; McCormick
and Huguenard, 1992; Huguenard and McCormick, 1992; Williams et al., 1997).
Subthreshold oscillations are present in the brain at various locations. We will focus on the oscillations that depend on the activation of a persistent type of sodium current, and not on the
oscillations that depend on calcium conductance (Llinas and
Yarom, 1986; McCormick and Huguenard, 1992). Even models
that use a persistent sodium conductance often focus on an interplay with a slow potassium conductance, as in models of subthreshold oscillations in somatosensory cortex (Wang, 1993), frontal
cortex (Gutfreund et al., 1995), and amygdala (Pape et al., 1998).
In contrast to these models, subthreshold oscillations can also be
obtained due to an interaction of the persistent sodium current
with the hyperpolarization activated current (Alonso and Llinas,
1989). This interaction has previously been proposed as the basis
for subthreshold membrane potential resonance in response to
oscillatory intracellular current injection in the sensorimotor cortex (Hutcheon et al., 1996a,b). Previous simulations of entorhinal
cortex SCs have incorporated a representation of persistent Na
current and a slow outward current (K) or deactivation of a slow
inward current (h), in order to perform a bifurcation analysis
(White et al., 1995) and to study the role of channel noise (White
et al., 1998). More recently, these simulations have been undertaken in order to analyze resonance properties (Brunel et al., 2001;
Erchova et al., 2001) and synchronization properties (Acker et al.,
2001). In the present study, we have analyzed the generation of
subthreshold oscillations by combining data and modeling work
on the slowly inactivating “persistent type” Na current (Alonso and
Magistretti, 1998; Magistretti and Alonso, 1999; Magistretti et al.,
1999a,b ), and new data on the hyperpolarization activated hcurrent (Dickson et al., 2000), both in SCs of the entorhinal cortex. In Dickson et al. (2000), we used a one-compartment model to
study the interaction of INaP and Ih qualitatively. The present work
ﬁrst presents an analysis of the validity of using a Hodgkin-Huxley
type gate model for Ih, and provides a more accurate formulation of
the kinetics in the voltage interval of the subthreshold oscillations.
We also analyze the contribution of the deactivation of Ih at more
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depolarized potential levels during spiking. For INaP, the slow inactivation is included to provide a more complete model. We also
make more detailed comparisons to voltage-clamp and currentclamp data of, e.g., membrane potential sag and oscillations. Moreover, the role of Ih in, e.g., action potential shape, mAHP, and
spike clustering, is also studied. In the second part of this report, we
show that the Ih and INaP models still produce oscillations in the
presence of other currents with their respective kinetics. For Ih, we
analyze the two components, the fast and the slow, separately and
study their respective roles in oscillations and action potential clustering. For clustering, the analysis is extended to include IK(AHP),
and we show support for the involvement of both IK(AHP) and Ih in
clustering. Finally, the use of a multi-compartment model permitted the study of the effects of a nonuniform conductance distribution, as well as possible components of space clamp in the experimental data. The initial results of the present work have been
reported in abstract form (Fransén et al., 1998).

MATERIALS AND METHODS
Biophysical Simulation
Biophysical simulations were developed using the GENESIS
simulation package (Bower and Beeman, 1995). These simulations
focus on the reproduction of both voltage-clamp and currentclamp experimental observations to analyze whether the interaction of Ih and the persistent sodium current could underlie the
subthreshold MPOs observed in these neurons. Simulation of the
voltage-clamp data on Ih presented in Dickson et al. (2000) was
combined with simulations of the voltage-clamp data on the persistent-type sodium current published separately (Magistretti and
Alonso, 1999; Magistretti et al., 1999a,b ).
In these simulations, the entorhinal cortex layer II SC (Klink
and Alonso, 1997c) has been reduced to an equivalent cylinder
model composed of seven compartments (Fig. 1C). One compartment represents the soma; one compartment represents the initial
segment; three compartments connected in succession represent
the primary, secondary, and tertiary segments of a single principal
dendrite (to provide appropriate dendritic attenuation for synaptic
inputs to the cell); and two connected compartments represent all
remaining dendrites lumped together to constitute the main “load”
to the soma. The proximal of the principal compartments and the
proximal of the lump compartments and the initial segment are all
connected to the soma. The lengths and cross sections of the three
principal dendrite compartments were adjusted to give the dendrite a length constant of 2 (sealed-end condition). The compartment proﬁle is found in Table 1. Further, resting membrane potential, input resistance, and membrane time constant were
adjusted to comply with this experimental data.

Passive parameters
RM ⫽
RA ⫽
CM ⫽
Em ⫽

5.0 ⍀m2 (50,000 ⍀cm2)
1.0 ⍀m (100 ⍀cm)
0.01 F/m2 (1.0 F/cm2)
⫺0.083 V (83 mV)
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FIGURE 1.
Model of voltage-clamp data on the hyperpolarization activated cation current (Ih). A: Model of steady-state activation
of Ih found in normalized tail current data from voltage-clamp experiments. The fast component, which is the steeper one, has data points
indicated by circles. The slow component has data points indicated by
asterisks (*). B: Time constants were derived from activation and
deactivation data. As noted in the physiological results, two exponents
had to be used to obtain the best ﬁt to the activation and deactivation
data, resulting in two separate time constants at each voltage level (fast
time constants indicated by circles, slow time constants by asterisks).
The voltage dependence of the time constants was described by two
dual exponential equations of membrane potential (solid lines), with
a fast component maximum at ⬃80 ms and the slower component
maximum ⬃400 ms. C: Schematic representation of the compartmen-

tal model used in the simulation of the intrinsic properties of stellate
cells. The dimensions of each component of the model are summarized. D: Simulation of the multi-compartment model with minimal
set of currents (Ih ⴙ INaP ⴙ IK(leak)) showing time course of Ih currents derived from voltage-clamp data during a step change from ⴚ60
mV to ⴚ70, ⴚ90, ⴚ110 mV and to ⴚ50, ⴚ40 mV in the activating
and deactivating direction, respectively. Note the similarity of the
time course of the current with physiological data shown in Figure
5A,B of Dickson et al. (2000). Absolute current levels were derived
from the steady-state current at ⴚ90 mV, corresponding to approximately 50% activation. The data were obtained by subtraction of
currents observed by total blockade of Ih (corresponding to the experimental application of ZD7288) from those observed in control
conditions.

The value of the membrane reversal potential Em depends on
contributions from leakage Na⫹ and leakage Cl⫺ currents (the K⫹
leak current is represented explicitly as a separate current). One
may also view synaptic background activation with slow kinetics,
e.g., N-methyl-D-aspartate (NMDA) and ␥-aminobutyric acid
(GABAB), as part of the leakage current. Note that as the K⫹
current is represented separately, its conductance should be added
to the value of RM given above when comparing to other data.
Previous simulations have used a wide range of membrane currents to replicate sharp electrode current-clamp recordings from
these neurons (Fransén et al., 1998, 1999). Those simulations
included Hodgkin-Huxley currents underlying spike generation.
The simulations presented in the latter portion of this report
present a revision of this multi-current model with the newly de-

rived models of Ih and INaP. However, in order to analyze fully the
interaction of speciﬁc currents in generation of subthreshold oscillations, the simulations presented in the ﬁrst part of the present
report used a simpliﬁed neuronal representation containing only
the hyperpolarization activated nonspeciﬁc cation current (Ih), the
persistent low-threshold sodium current (INaP), and the potassium
leak current (IK(leak)). For the simpliﬁed model, we thus have
I ion ⫽ Ih ⫹ INaP ⫹ IK共leak兲
The dynamics of these currents were represented using the formal structure of the Hodgkin-Huxley equations (Hodgkin and
Huxley, 1952) with the parameters listed in the following equations (membrane potential V in volts, time in seconds):
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TABLE 1.
Compartment Proﬁle With Conductances for the Currents
Compartment

Length (m)

Diameter (m)

gH (fast) (S/m2)

gH (slow) (S/m2)

gNaP (S/m2)

gK (leak) (S/m2)

20
50
100
100
100
200
200

15
2.2
1.9
1.9
1.9
5.5
5.5

0.98
0.0
0.98
0.98
0.98
0.98
0.98

0.53
0.0
0.53
0.53
0.53
0.53
0.53

0.38
0.0
0.38
0.38
0.38
0.38
0.38

0.58
0.58
0.58
0.58
0.58
0.58
0.58

Soma
IS
Proximal dendr
Medial dendr
Distal dendr
Proximal lump
Distal lump

IS, initial segment compartment; dendr, principal dendrite compartment.

h-current

 h 共V兲 ⫽

Reversal potential Erev ⴝ ⴚ0.020 V
Activation:
h inf共V兲 ⫽

 m 共fast兲共V兲
⫽

0.00051
exp关共V ⫺ 0.0017兲/0.010兴 ⫹ exp关⫺共V ⫹ 0.34兲/0.52兴

 m 共slow兲共V兲
⫽

0.0056
exp关共V ⫺ 0.017兲/0.014兴 ⫹ exp关⫺共V ⫹ 0.26兲/0.043兴

m inf共fast兲共V兲 ⫽

1
共1 ⫹ exp关共V ⫹ 0.0742兲/0.00978兲兴1.36

m inf共slow兲共V兲 ⫽

1
共1 ⫹ exp关共V ⫹ 0.00283兲/0.0159兲兴58.5
Gate exponent ⫽ 1

NaP current
Reversal potential Erev ⴝ ⴙ0.087 V
Activation:
␣ m 共V兲 ⫽

0.091 䡠 10 6 共V ⫹ 0.038兲
1 ⫺ exp共⫺共V ⫹ 0.038兲/0.005兲

␤ m 共V兲 ⫽

⫺0.062 䡠 106共V ⫹ 0.038兲
1 ⫺ exp共共V ⫹ 0.038兲/0.005兲
 m 共V兲 ⫽

m inf共V兲 ⫽

1
␣m ⫹ ␤m

1
1 ⫹ exp关⫺共V ⫹ 0.0487兲/0.0044兴
Gate exponent ⫽ 1

Inactivation:
␣ h 共V兲 ⫽
␤ h 共V兲 ⫽

⫺2.88V ⫺ 0.0491
1 ⫺ exp关共V ⫺ 0.0491兲/0.00463兴

6.94V ⫹ 0.447
1 ⫺ exp关⫺共V ⫹ 0.447兲/0.00263兴

1
␣h ⫹ ␤h

1
1 ⫹ exp关共V ⫹ 0.0488兲/0.00998兴
Gate exponent ⫽ 1

The “persistent-type” slowly inactivating Na⫹ current was modeled according to Magistretti and Alonso (1999) and Magistretti et
al. (1999a,b) for the steady-state activation and inactivation and
kinetics of inactivation, and for the reversal potential. It was modeled according to McCormick and Huguenard (1992) for the kinetics of activation and the exponents of the activation rates m, h.
The maximal conductance was adjusted to the conductance of Ih to
permit the development of subthreshold oscillations.
The K(leak) conductance was considered to be linear and uniformly distributed with a conductance of 0.58 S/m2 (58 S/cm2)
and a reversal potential Erev ⫽ ⫺0.083 V . The value of the reversal
potential was taken from Dickson et al. (2000).
The resulting passive properties of the simulated neuron were as
follows:
Resting membrane potential ⫺53.5 mV
Input resistance 130 M⍀ (this reduced to 50 M⍀ after the “sag”
caused by activation of Ih) for a hyperpolarizing current step
Membrane time constant 10 ms
Length constant of dendrite 2
The method for numerical solution to differential equations was
the default exponential Euler method. A time step of 50 s was
used for the current-clamp simulations and a time step of 5 s for
the voltage-clamp simulations. For the analysis of experimental
voltage-clamp data, Origin 4.1 was used. For the curve ﬁtting, the
simplex algorithm in the optimization tool box in Matlab 5.2 was
used.
The current-clamp simulations included a conductancebased noise source. This represents potential effects of channel
noise (White et al., 1998; Shalinsky et al., 2002) or synaptic
noise in actual neural function. The noise was generated from a
Poisson process with a mean of 200 Hz, reversal potential 45
mV, time constant 3 ms, and conductance 9.4 pS, and was
placed on the proximal lumped dendritic compartment. It may
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TABLE 2.
Compartment Proﬁle of the Full Model†

Current
gNa
gKdr
gKC
gKAHP
gCaL
gCAN
gH (fast)
gH (slow)
gNaP
gK (leak)
Ca(KAHP)pool

IS (S/m2)

Soma (S/m2)

Prox ⫹ med dendr/lump
(S/m2)

Dist dendr/lump
(S/m2)

150
215
0.0
0.0
0.0
0.0
0.0
0.0
0.0
1.2
0.0

38
107
13,400
0.1
1.0
280.0
1.12
0.605
0.69
1.2
61.34 䡠 1012

38
107
0.0
0.1
1.0
0.0
1.12
0.605
0.69
1.2
97.37 䡠 1012/16.73 䡠 1012

19
54
0.0
0.1
1.0
0.0
1.12
0.605
0.69
1.2
21.91 䡠 1012/3.76 䡠 1012

Prox, proximal compartment; med, medial compartment; dist, distal compartment; dendr, principal dendritic
compartment.
†
Maximal conductances g and calcium conversion factor  for each compartment. For some currents, the
density was assumed to be uniform. For the others, the general proﬁle, with a higher conductance at the
soma, and gradually lower conductances for more distal dendritic compartments, was adopted from Traub
et al. (1991). The criteria selected to adjust the conductances do not give a unique solution (Traub et al. 1991;
DeSchutter and Bower, 1994).

be noted that the occurrence and stability of MPOs did not
require the presence of noise (data not shown), but its presence
increased the parameter interval within which oscillations were
stable (see Discussion).
To verify that the oscillations produced by Ih and INaP are intact
when all the major currents are present, as well as to study the spike
clustering of the SCs, we developed a model with a wider range of
additional membrane currents, including the Na⫹ and K⫹ currents responsible for fast action potentials, a high-threshold Ca2⫹
current, a calcium-dependent K⫹ current, a fast calcium- and voltage-dependent K⫹ current, and a nonspeciﬁc Ca2⫹-dependent
cationic current. See Appendix 1 for the details of these currents
and Table 2 for the respective conductances used.

RESULTS
Biophysical simulation of the detailed data on the activation
kinetics of Ih provided further evidence for its potential interaction
with the persistent sodium current in generating subthreshold
MPOs and spike clustering. Therefore, the h-channel model was
ﬁrst analyzed before we addressed how speciﬁc aspects of the hcurrent could be involved in oscillations and spike clustering. The
SC model was ﬁrst used to ﬁt the voltage-clamp data on Ih, and was
then combined in the simulation with the persistent sodium current (Magistretti and Alonso, 1999; Magistretti et al., 1999a,b ) to
simulate the current-clamp data.

h-Channel Gate Model
The Ih current was modeled with equations in the Hodgkin-Huxley formalism, as described in the Materials and Methods section. It

showed a linear (ohmic) instantaneous I–V relation and had a limiting
relaxation (a slope smoothly approaching zero in both ends) up and
down for the steady-state activation. Time constants were derived
from activation and deactivation data. In the ﬁt to ﬁnd the time constant for each voltage level for activation and deactivation, two exponents had to be used, indicating biphasic kinetics. The voltage dependence of the time constant was described by two bell-shaped functions
of membrane potential, the faster component with a maximum of
⬃80 ms and the slower component a maximum of ⬃400 ms (Fig.
1B). For the curve ﬁtting, the common biexponential curve was used.
The relative contribution from each component to the conductance
varied with voltage, and to vary the conductances accordingly, two
steady-state activation curves were used, as discussed below. The
steady-state activation of Ih was in the ﬁrst step described by a Boltzmann-style equation. The steady-state activation curve was ﬁtted to
normalized tail current data. The experimental data showed no sign of
inactivation. A weighted higher-order Boltzmann curve (with the exponent as a free parameter in the optimization) was used in the next
step to get a good ﬁt of the data in the most depolarized region. This
turns out to be important, as this is the region in which the oscillations
develop; a ﬁt with an exponent of 1 causes a large overestimate of the
current, and underestimates the derivative of the current. Using the
amplitude of the two time constants of activation (the coefﬁcients of
the exponential ﬁtting functions), steady-state activation curves were
derived for each of the two components (Fig. 1A). Thus, in effect the
two components, fast and slow, were independently modeled with
equations in the Hodgkin-Huxley formalism, which is summarized
below.
A reversal potential of ⫺20 mV, derived from experimental data
(Dickson et al., 2000), was used. In the experiments, the reversal
potential from chord conductances was compared to I–V extrapolation. A gate exponent of 1 was determined from the time course
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of activation in voltage-clamp data. The activation state variables,
mfast and mslow, thus had gate exponents of 1, but the steady-state
activation minf(fast/slow) had exponents of 1.36 and 58.5, respectively. Different exponents are necessary when the steady-state activation curve needs a higher rate for a good ﬁt, but the time course
of activation does not show much delay (Huguenard and McCormick, 1992). The maximal conductance of Ih, G, was adjusted to
give a current of the order measured in whole cell patch clamp
recordings at ⫺60 mV. The initial conductance of the INaP was
similarly adjusted, and ﬁne-tuning was done by studying the generation of MPOs.
In summary:
I h ⫽ I h 共fast兲 ⫹ Ih共slow兲 ⫽ G共mfast ⫹ mslow兲共E ⫺ Erev兲
and the fast and slow state variables mfast and mslow obey
dm
⫽ ␣ m 共1 ⫺ m兲 ⫺ ␤ m m
dt
␣m ⫽

where
minf
m

and

␤m ⫽

共1 ⫺ minf兲
m

Voltage-Clamp Simulations
The model of Ih was evaluated in a voltage-clamp simulation.
Whereas the one-compartment model used in Dickson et al.
(2000) was able to reproduce the general features of the current
response, we were able to show in this work that the use of a
multi-compartment model further increased the ﬁt to data. Using
the derived equations for Ih, voltage-clamp simulations were thus
performed with the multi-compartment model described in the
Materials and Methods. The result was compared to the experimental data, as shown in Figure 1D. The simulated voltage-clamp
currents show good agreement with experimental data in time
course and relative amplitude. The simulation also effectively represents the change in voltage-clamp properties induced by
ZD7288 (see Fig. 5 in Dickson et al., 2000). The contribution of
the multi-compartment model was most notable in the time period
following a step in voltage (see also the discussion on space clamp).
With the multi-compartment model, we were also able to study the
effects of a nonuniform distribution of channel conductances.
With a high distal and low proximal and medial conductance of Ih,
the ﬁt to voltage-clamp data improved further (data not shown, see
also the Discussion).

Membrane Potential Sag and Oscillations
The model was used to simulate current-clamp phenomena,
including the “sag” in membrane potential during hyperpolarizing
current steps and the subthreshold MPOs. The simulation of the
sag in membrane potential is shown in Figure 2A and the simulation of subthreshold MPOs in Figure 2B–D.
Generation of subthreshold MPOs required combining the Ih
current with a representation of the persistent low-threshold sodium current. The simulations show that an interplay between Ih
and INaP is necessary to account for the generation of MPOs in
layer II SCs, as shown in Figure 2C. Figure 2C also shows the
relative time course of the increase in persistent sodium during the
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depolarizing phase of oscillations, followed by the increase in Ih
during the hyperpolarizing phase of oscillations. The oscillations
depend on the delayed feedback from Ih. Interestingly, if the time
constants for activation of Ih were set to be the same as the time
constants for INaP, there were no oscillations (data not shown).
For the minimal model containing only Ih, INaP, and IK(leak), the
stimulation current used to test oscillations at different levels was
negative as many currents inﬂuencing membrane potential are
missing. In the more complete model, this is no longer the case and
stimulation intensities are positive.
Simulation of the partial blockade (65%) of Ih by cesium caused
a decrease in the amplitude and frequency of subthreshold oscillations corresponding to that observed in current-clamp recordings
(Fig. 3A). In the experiments, the blockade was estimated to be
60 –75% in 2 mM Cs. The oscillations became unstable, with
either dampened or growing amplitudes, around a block of 72%,
indicating the approximate blocking needed to prevent stable oscillations. In consequence, and as observed experimentally with
ZD7288, full block of Ih in the model also completely abolished
the oscillations (data not shown). Simulation of the blockade of the
leak current by barium (paired with blockade of synaptic ionotropic transmission) caused an increase in amplitude of oscillations
accompanied by a small slowing of frequency (Fig. 3B), as in experiments (Dickson et al., 2000).
Figure 4A presents a phase diagram plotting Ih current against
the INaP current, illustrating the cyclical interaction of these currents, which underlies the subthreshold MPOs in the simulation.
The power spectrum of the subthreshold oscillation data is shown
in Figure 4B, illustrating the peak at 3.0 Hz.
The current of Ih and INaP for a linear current ramp is shown in
Figure 5A. It is shown that the amplitude of the membrane oscillation follows an inverted U-shape relative to injected current (Fig.
5B), as in experiments (Alonso and Klink, 1993) (Fig. 4C). The
amplitude of oscillations initially increases and then decreases as
current injection increases. This occurs because over the interval,
INaP increases (Fig. 55D) and Ih decreases (Fig. 55C), giving a
window of sufﬁcient combined current for the oscillations. Thus,
INaP limits the amplitude as the injected current decreases and Ih
limits the amplitude as the injected current increases.
To study the relative importance of the fast and slow component
of Ih for the oscillations, the two components were studied separately for two consecutive periods of oscillations (Fig. 6A). As can
be seen, the fast component shows a relative larger variation in
conductance, the slow component remaining almost constant. In
terms of current, the difference between maximum and minimum
activation is 17-fold larger for the fast than for the slow component. In
a separate test, the fast component was given a very slow time constant
of 10 s. No oscillations were observed within the full range from
resting to tonic ﬁring (data not shown). We conclude that the fast
component is the major factor in the oscillation generation.

Medium AHP and Clustering
In experimental data, the action potential of the SCs is followed
by a stereotyped mAHP (Alonso and Klink, 1993). Given the fast
kinetics of Ih in the SCs, it is possible that Ih also contributes and/or
is a major determinant of the mAHP in these neurons. In fact,
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FIGURE 2.
Minimal model sag and oscillations. A: Simulated
membrane potential trace demonstrating the “sag” in membrane potential due to activation of Ih during a hyperpolarizing current step of
ⴚ0.05 nA. Note the similarity of the time course of sag with physiological data shown in Dickson et al. (2000); see Fig. 2A. (The absence
of voltage-dependent sodium and delayed rectiﬁer currents in the
simpliﬁed simulation results in a depolarizing overshoot without action potentials at the end of current injection.) The sag% is 38%,
within the experimentally reported value of 30% for sharp electrodes
(Alonso and Klink, 1993) and of 48% for whole cell patch recording
(Dickson et al., 2000). B: Simulation of subthreshold membrane potential oscillations arising from interaction of Ih and INaP. At depolarized values, the membrane potentials undergoes oscillations of a
frequency and amplitude corresponding to those observed in experiments (Dickson et al., 2000; see Fig. 1D). C: Changes in Ih and INaP

during subthreshold oscillations. Note that increases in Ih due to
hyperpolarization correlate with the onset of the rising phase of oscillations, after which increases in INaP provide the driving force for
depolarization. Decreases in Ih due to depolarization correlate with
the peak of membrane potential and onset of the falling phase of the
oscillation. (Ih and INaP are the only voltage-dependent conductances
in this simulation). To see the two components of Ih separately during
an oscillation, see Fig. 6A. Bottom left scale INaP, right scale Ih. The
phase shift between Ih and INaP is 213 degrees lagging INaP (ⴙ33
degrees from out of phase, as compared to the experimental value of
ⴙ40 in Dickson et al., 2000). As in experiments (Alonso and Klink
1993; Fig. 4A), the oscillations are frequently asymmetric, with the
rising phase showing a smaller slope than the falling phase. See the
discussion for further details. D: Simulation of sustained subthreshold oscillations. Oscillation frequency is 3.3 Hz.

block of Ih with ZD7288 largely reduces the mAHP (Dickson et
al., 2000) which, in contrast, is minimally affected by Ca-conductance block (Alonso and Llinas, 1989; Klink and Alonso, 1993).
Figure 6B demonstrates that a rapid depolarization by a current
pulse mimicking an action potential causes a fast and substantial
deactivation of the Ih current. Thereafter, during the hyperpolarization, Ih activates progressively, while INaP remains relatively
constant. The net effect, compounded with the membrane time
constant, produces a time course of repolarization analogous to the
medium afterhyperpolarization observed in current-clamp recordings. The U shape of the membrane potential constituting the
mAHP can be understood by studying the sum of Ih and INaP.
After the action potential and fAHP, there is a net outward current,

due to the leakage current, which gradually hyperpolarizes the cell.
As Ih activates, the outward current decreases, and at the bottom of
the mAHP, the sum of Ih and INaP balances the leakage current.
The continued activation of Ih eventually brings the membrane
back to resting.
Stellate cells typically ﬁre in clusters. To study the spike
clustering of the SCs, we developed a model with a wider range
of additional membrane currents, including the Na⫹ and K⫹
currents responsible for fast action potentials, a high-threshold
Ca2⫹ current, a calcium-dependent K⫹ current, a fast calciumand voltage-dependent K⫹ current, and a nonspeciﬁc Ca2⫹dependent cationic current. For the more complete model, we
thus have
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FIGURE 3.
Minimal model blockade simulations. A. Simulation
of the effects of cesium by reducing Ih conductance by 65% (lower
trace) causes a decrease in amplitude (to ⬃1 mV) and frequency (to
⬃2 Hz) of oscillations, which become more irregular. Simulations
with a blockade of 72% become unstable (upper trace). B: Simulation
of the effects of barium by blockade of the K(leak) current by 100%

(synaptic transmission, e.g., synaptic noise is also blocked by 100%
because the experiments were conducted with excitatory and inhibitory synaptic transmission blockade). Membrane potential oscillations increase in amplitude and show a slight decrease in frequency
(i.e., 3.7 Hz) (consistent with Dickson et al., 2000; see Fig. 10F).

I ion ⫽ INa⫹ ⫹ IKdr ⫹ ICaL ⫹ IKAHP ⫹ IKC ⫹ ICAN ⫹ Ih ⫹ INaP ⫹ IK共leak兲

cluster frequency of the middle trace is 1.3 Hz. The experimental
data for the cluster frequency have a range of 1–3 Hz (commonly
⬃1.6 Hz). The frequency within clusters is ⬃4 Hz, which is lower
than in experiments, where within cluster frequencies are ⬃10 Hz.
The calcium-dependent potassium current KAHP is a possible main
contributor to clustering. In accord with experimental data (Klink
and Alonso, 1993) (Fig. 2), blockade of calcium inﬂux in the
model caused a signiﬁcant reduction in clustering, resulting in a
more direct transition from subthreshold oscillations and single
spikes to tonic ﬁring when the stimulating current is increased
(data not shown). Changes in the conductance of the Ca-sensitive
K-current KAHP were analyzed in detail, as shown in Figures 8B
and 9B,C, as discussed below.

See Appendix 1 for details on these currents. This model enables
a comparison to spiking data from experiments conducted with
sharp electrodes (Alonso and Klink, 1993; Klink and Alonso,
1993). The more complete model is compared to data conducted
at 35°C. To compensate for this increase of 11°C, we used shorter
current time constants and higher current conductances. We used
a Q10 of 4.5 (Magee, 1998) for the h-activation time constant.
The higher conductances used give a smaller input resistance and a
shorter membrane time constant, in accord with experimental
data.
Figure 7A,B displays the transition in the model from oscillations via single spiking to clustering and ﬁnally tonic ﬁring. The

FIGURE 4.
Minimal model phase plane and frequency analysis.
A: Simulation data showing a phase plane plot of NaP current versus
h-current during the subthreshold membrane potential oscillations
shown in Fig. 2C. These currents trace an elliptical circuit through
current space during their oscillatory interaction. B: Power spectrum

of simulation data during subthreshold membrane potential oscillations showing peak in the power spectrum at ⬃3.0 Hz, within the
range of the experimental data 3.1 ⴞ 0.7 Hz. Twenty seconds of data
was used for the analysis.
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FIGURE 5.
Minimal model showing the development of oscillations during a current ramp. A: Simulation consisted of a 100-s linear
ramp of the current from 0 to 0.1 nA. B: Soma membrane potential.
The amplitude of the membrane potential oscillation is shown to
follow an inverted U-shape, as in experiments (Alonso and Klink
1993; Fig. 4C). That is, increases in current injection initially cause
increased amplitude of oscillations but eventually lead to a decrease in
oscillations amplitude. The average frequency of oscillations was 2.8

Hz. C,D: Over the interval of injected current values between 0 and
0.1 nA, the INaP increases (C) and Ih decreases (D), giving a window of
sufﬁcient combined current for the oscillations. Thus, the decreasing
NaP current limits the amplitude as current injection decreases, and
the h-current limits the amplitude as the current injection increases.
Ionic currents (pA) are plotted on the y-axis relative to injected current (nA) plotted on the x-axis.

The subthreshold oscillations persist in this larger model. Figure
7A demonstrates the appearance of subthreshold MPOs in the
more detailed simulation. The additional currents thus do not
prevent the appearance of subthreshold MPOs. Figure 7A presents
traces of increased current injection showing initiation of subthreshold oscillations, increased amplitudes, and single spiking.
The frequency of the oscillation is ⬃9 Hz for the top trace and 12
Hz for the two traces below this. The experimental range is 5–12
Hz, with an average of 8.6 Hz. The amplitude of the oscillations
ranges within 0.2–1.7 mV. The experimental range is 0.5–9.7 mV,
with an average of 2.6 mV. The oscillations develop slightly above
⫺60 mV and the ﬁrst spikes appear for an average potential around
⫺54.5 mV; both values are in accord with experimental data. The
AHP only goes to potentials around ⫺62 mV, also in accord with
experimental data.
The model also now shows the rebound spiking of SCs. If the
cell is released from a hyperpolarized potential of sufﬁcient depth,
the cell ﬁres a rebound action potential (Fig. 7C). The sag shown

led to a percentage change (sag%) relative to baseline of 28, as
compared to the experimental value for sharp electrodes of 30%
(Alonso and Klink, 1993). The dash-dotted line in Figure 7 also
depicts a cell with all the h-current placed on the fast component;
the dashed line represents all current on the slow component. With
the fast component, a rebound produces a spike followed by a
hyperpolarization. With only the slow component, two spikes are
produced, followed by an increased depolarization, indicating a
potential role of the slow component in clustering.
To study further the role of the currents Ih, INaP, and IK(AHP) in
the clustering, these currents were plotted in a three-dimensional
(3D)-phase plane (Fig. 8). A linear current ramp injected in the
soma produced the membrane potential record shown in Figure
8A. As would be expected, and in accordance with experiments,
oscillations develop ﬁrst, followed by single spikes, clustering, and
ﬁnally tonic ﬁring. Single spikes separated by one or two cycles of
subthreshold oscillations are present, as well as cluster doublets and
multiplets. A spike may thus be preceded by either a spike, one
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FIGURE 6.
Minimal model, showing analysis of generation of
oscillations and of mAHP. A: The fast component of Ih is responsible
for subthreshold oscillations. A linear current ramp simulation is
carried out. Two consecutive cycles of oscillations are used. The fast
(upper trace) and slow component’s normalized conductances (lower
trace) are plotted versus membrane potential (around ⴚ55 mV). As
shown, the slow component is almost constant. The fast component
gives 17 times larger variation in current than the slow component,
i.e., it is the major factor in the oscillation. B: Simulation demonstrating potential role of Ih in medium afterhyperpolarization (mAHP).
Top: Membrane potential trace showing the fAHP and mAHP appearing directly after an action potential-like current stimulation.
Bottom: Changes in Ih and INaP current during the mAHP, showing
a strong decrease in Ih induced by the brief depolarization of the
action potential, with a time course corresponding to that of the
mAHP. To see how Ih conductance develops during a spike, see Fig.
9A,C,D. Ih, Ih current; INaP, INaP current; sum, sum of Ih and INaP.

oscillation, or two oscillations. In the phase plane plot of the currents (Fig. 8B), it can be seen that there are three different families
of trajectories for a spike, depending on whether it is preceded by
two (A), one (B), or no (C) oscillations. Thus, the history of the
potential in terms of oscillations and spikes can be extracted by
observing the family (A, B, or C) within which a curve falls. The
main difference separating the families is along the vertical IK(AHP)axis, indicating that this is the main contributor to this segregation.
This shift can also be seen in Figure 9C for the conductance of
IK(AHP) for two consecutive spikes in a cluster.
IK(AHP) is not, however, the only factor inﬂuencing the clustering. Based on experimental observations that the block of Ih by
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ZD7288 was commonly accompanied by an increased spike width
and decreased fast AHP (Dickson and Alonso (unpublished data),
we were interested in studying whether Ih also had a role in the
clustering. Results from simulations supported this, as was already
discussed in relation to Figure 7C. The fast and slow components
were studied separately. As can be seen in Figure 1B, the fast
component has a very fast time constant during a spike, i.e., it
closes completely at an early point. As can be seen, there are only
data up to ⫺40 mV. This primarily affects the uncertainty of the
slow component, as the fast component is already relatively close to
its closed state. The slow component may also smoothly approach
its closed state, or it may level off and reach a constant value above
zero. The test described below was intended to investigate the
sensitivity of the model to this uncertainty in the data, as well as to
look in greater detail at the role of the slow component. In the
model, the slow component has a minimum of 20% conductance
during a spike, i.e., it never closes completely, in agreement with
experimental data (Spain et al., 1987) and the data just outlined
above. Our modeling gives three indications of the involvement of
the slow component of Ih.
First, if the slow component is given a time constant of 10 s, only
oscillations, single spikes and tonic ﬁring is seen, but no clusters are
seen within the full voltage interval from resting to tonic ﬁring
(data not shown).
Second, in Figure 9D (together with Fig. 9A,C), we demonstrate that the slow component shows a decrease in current over a
period of two consecutive spikes in a cluster, whereas the fast component does not change. The conductance of IK(AHP) also shows a
corresponding shift (data not shown). The reduction of the slow
component during the second spike might be contributing to stopping the spiking, i.e., producing a cluster according to the following: During a spike, the h-current is deactivated, but it is then
strongly activated during the following afterhyperpolarization
(Fig. 9C as well as Fig. 6B). This induces a rebound current, similar
to that seen after an experimentally induced hyperpolarization,
that leads to a greater propensity for another spike to be generated
after one has been generated (Fig. 7C). But, with reduced h-current, the rebound is also reduced. This may terminate spiking,
forming a spike cluster out of what would otherwise have been
tonic ﬁring. The K(AHP) current, which by itself can not produce
clustering but only spike frequency adaptation, can however add to
the termination of the cluster and hence play a role in the formation of clusters. More speciﬁcally, as noted above in relation to
Figure 9D, the Ih reduction occurs primarily in the slow component. This component is relatively fast at depolarized levels during
the spike (Fig. 1B), and thus has time to deactivate, but during the
AHP and depolarization to threshold, the component attains its
slowest kinetics and therefore does not have time to activate before
the second spike appears.
Third, Figure 9B shows that both the time constant of the slow
component, as well as the conductance of the K(AHP) current,
have a reasonably wide, but limited, interval that permits the occurrence of clusters. Figure 9 investigates the role of the slow component, together with the role of the K(AHP) current. A set of
simulations with a variation in conductance of IK(AHP) and a variation in time constant of the slow component was conducted.
Every point shown in Figure 9 corresponds to a full run of a sweep
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of the current from low to high. A dark square indicates a low
rating of clustering and a bright square indicates a higher rating of
clustering capability. From this simulation result, we draw the
following conclusions. First, the clustering is a relatively robust
phenomena, the regime of full function (white) is quite extended.
Second, the two factors can be seen to limit the parameter region
where clustering exists. The two factors set boundaries (black and
dark gray), outside of which clustering does not occur but within
which clustering of various forms can be sustained. For low values
of IK(AHP) there is only tonic ﬁring, for high values only single
spikes and tonic ﬁring. For small time constants of the slow Ih
during the spike, (large value), there are only single spikes and tonic
ﬁring, for large time constants (low values) there is rarely good

clustering. Third, because of the presence of noise, the boundaries
between ﬁring modes (doublets, triplets, and mixed doublets/triplets) are not sharp. This was veriﬁed in a map winding number plot
(a plot of the ratio between number of spikes and number of
oscillations versus injected current), where no clear boundaries
between the different ﬁring modes were present, indicating that
the system does not show mode locking (data not shown). Based
on these observations, we may hypothesize that the Ih slow component time constant does not fall to very low values (in the range
of ms), as the fast component does. As was demonstrated, when the
time constant of the slow component becomes close in scale to the
order of the spike duration (1 ms), the current closes almost completely, and apparently clustering is thereby prohibited. Thus,
analysis of clustering indicates a possible role for both the IK(AHP)
and slow component of the Ih current.

DISCUSSION
The simulation data demonstrate that representations of Ih and
INaP based on voltage-clamp data (Fig. 1) interact in a manner
which causes voltage “sag” and subthreshold oscillations resembling those observed during current-clamp recording (Fig. 2). This
further supports the potential role of Ih in generation of subthreshold oscillations. In a model with a more complete set of currents,
spike clustering is reproduced. The full model can show the full
transition from subthreshold oscillations, through single spiking to
spike clustering and tonic ﬁring at higher intensities. In the simulation, the Ih and IK(AHP) currents are necessary for the appearance
of spike clustering. Further, the possible role of Ih in the generation
of the mAHP is studied. In the voltage interval ⫺40 mV ⫺ 10 mV,
where no data are available, the model predicts that the slow component of Ih does not follow the fast component down to very short
time constants. The model also predicts that the fast component of
Ih is responsible for the involvement in generation of subthreshold
oscillations, and the slow component dominates in the generation
of spike clusters. Simulation of these physiological properties in
detailed compartmental simulations is an important step in investigating their role in network dynamics.

FIGURE 7.
Simulation of subthreshold membrane potential oscillations in a more detailed simulation containing a wider range of
membrane currents in addition to the two currents used in the simpliﬁed representation. A: These additional currents do not prevent the
appearance of subthreshold membrane potential oscillations. For increased current amplitudes (0.0, 0.02, 0.05, 0.07, 0.082 nA, respectively), the oscillation amplitude increases. The frequency for the top
three traces is 9 –12 Hz. B: Transition from single spiking to clustering and ﬁnally tonic ﬁring. Increased current stimulation from top to
bottom 0.078 nA, 0.083 nA and 0.098 nA, respectively. C: Rebound
spike following termination of a hyperpolarizing current injection of
ⴚ0.12 nA. The sag% is 28%, close to the experimentally reported
value for sharp electrodes of 30% (Alonso and Klink 1993).The dashdotted line shows a cell with all the Ih-current set to the fast component. The dashed line shows all currents on the slow component. With
only a fast component, a rebound produces a spike followed by a
hyperpolarization. With only a slow time constant, two spikes are
produced, followed by an increased depolarization, indicating the
potential role of the slow component in clustering.

_________________________________

OSCILLATIONS AND CLUSTERING IN EC LAYER II NEURONS

FIGURE 8.
Phase plane plot of clustering in the full model. A:
Soma membrane potential is plotted versus time. During simulation,
the current is increased linearly. Single spikes are separated by one or
two cycles of oscillations, cluster doublets and multiplets are also
shown. B: Phase plane plot of currents during the simulation in 8A.
Ih, INaP, and IK(AHP) currents. The view is a plane projection along the
diagonal of the Ih-INaP plane (i.e., as axes indicate along constant
IK(AHP) and with INaP increasing to the right and Ih to the left). There
are three different families of trajectories for a spike, depending on
whether it is preceded by two (A), one (B), or no (C) oscillations. As
can be seen, they are primarily separated along the IK(AHP)-axis indicating that the time evolution of clusters and oscillations depends on
decay of spike associated Ca-inﬂux affecting IK(AHP). In the inset the
three classes of trajectories are drawn schematically. A trajectory starts
at 1 and goes to 2, 3, and then repeats; 1 represents the subthreshold
oscillation portion, 2 the rising, and 3 the falling part of a spike.

Oscillation Characteristics
A number of factors contribute to the size of the amplitude and
the frequency of the subthreshold oscillations. First, a match between the cell membrane time constant (cell resonance frequency)
and the oscillation frequency is important. Second, it is important
that all compartments have a sizable conductance for Ih and INaP in
order to participate in the membrane oscillation. Third, the slope
of the activation curves of Ih and INaP determines the amplitude of
the current difference (between peaks and troughs) during the
oscillation in membrane potential. This affects the oscillation amplitude and frequency. Fourth, the h-current time constant,
mainly Ih(fast), affects the oscillation frequency. Fifth, oscillation
frequency increases with increased conductance of Ih and INaP.
In experiments, the oscillation amplitude decreases above ⫺55
mV. In the model, however, the amplitude decreases at a point that
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was 4 mV more depolarized. This difference may result from depolarization activating an additional outward rectifying potassium
current in the cell, which is lacking in the model. Alternatively, the
Na current of the model may activate at a somewhat too hyperpolarized level.
In the simulations, as well as in experiments (Alonso and Klink,
1993) (Fig. 4A), the oscillations frequently are asymmetric, as
noted in conjunction with Figure 2C. Typically, the rising phase
shows a smaller slope than the falling phase. This can be explained
by the difference in net current change between the rising phase
and the falling phase which originates in the difference between Ih
activation rate constants ␣ and deactivation rate constants ␤. This
variation in current is ampliﬁed by INaP, and the ampliﬁcation
factor depends on the slope of the activation curve of INaP.
Oscillations appear as a relatively robust phenomenon in the
model. During this research, a number of variations of parameter
values have been performed. Variations have included parameters
controlling electrotonic length, compartment structure, input resistance, soma membrane time constant and conductance proﬁle
(speciﬁcally for Ih and INaP). Further, the shape of the steady-state
activation curve and the activation time constant curves were varied, in addition to explorations of the effect of using one versus two
steady-state activation curves. In most of these cases, oscillations
were still obtained in the simulations. Overall, the oscillations were
most sensitive to the balance between conductances gh and gNaP
and the rate of change of Ih and INaP (the derivative of the steadystate activation curve) in the oscillation interval. In some cases,
quite large oscillation amplitudes were obtained (ⱕ5 mV). However, these cases were rather sensitive to changes in the current and
conductance balance of the cell. For more moderate amplitudes,
like those presented in Figures 2, 3, 5, 7, 8, the amplitudes were
much more consistent. The oscillation amplitude and frequency
appeared over a narrower range in the model than in the real cell.
An interesting observation is that the oscillation depends on a
difference between time constants of Ih and INaP; if the two are
equal, oscillations do not develop.
Stable oscillations can be obtained within a limited parameter range without the need for adding noise to the simulation
(data not shown). (See also the one-compartment model of
Dickson et al., 2000.) This is primarily of theoretical interest
because it shows that not only ﬁxed point, but limit cycles
(oscillations), exist as (numerical) solutions to the equations for
Ih and INaP. Stable oscillations also exist in a wider parameter
interval if noise is present. This is of more practical interest, as
noise is present in real tissue, and the oscillations are facilitated
by it. This also reduces the model’s sensitivity to variations in
parameter values. The source of this noise is unknown. White et
al. (1998) argued that NaP-channel noise could be the source.
Noise could also come from a noisy cation current (Shalinsky et
al., 2002). In vivo, this channel noise may be rather small compared to synaptic noise, but the experimental data show oscillations in the presence of synaptic blockers (Dickson et al.,
2000). The oscillations are not dependent on the particular
amplitude or frequency of this noise. Additionally, by adding
noise to the simulations, one also avoids the risk of a simulation
result, depending on a very speciﬁc set or sequence of state
variables. The fast component is the main source of the oscilla-
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FIGURE 9.
Full model, analysis of the generation of clustering
due to IK(AHP) and Ih. The same data are plotted in A, C, and D to
permit comparisons of time and conductance dependence. B: Separate study of IK(AHP) and Ih. Both the IK(AHP) and the slow component
of Ih contribute to clustering. A: Plot of simulated membrane potential showing two consecutive spikes in a cluster (doublet) during
spiking induced by current injection. After the second spike, there is
a much longer delay before generation of another spike (not shown).
B: To investigate the role of the slow component further, together
with the role of the K(AHP) current, a variation in conductance of
IK(AHP) and variation in time constant of the slow component of Ih,
was conducted. The original value of IK(AHP) and the slow component
of Ih is indicated by an asterisk (*). These two components enclose a
region of robust clustering. Note that every point corresponds to a full
run with a linearly increased current ramp. The ﬁring was then classiﬁed according to the following: black: only tonic ﬁring, dark gray:
only single spikes with oscillations between as well as tonic ﬁring,
medium gray: doublets and single spikes and tonic ﬁring, light gray:
triplets and single spikes and tonic ﬁring, white: doublets, triplets,
single spiking and tonic ﬁring. The value for IK(AHP) is percentage
change from original value (ⴚ100 means IK(AHP) ⴝ 0, ⴙ100 means a
doubling of IK(AHP)). The value for Ih slow time constant was varied
by ﬁxing the peak of the curve and compressing or expanding the
curve along the time constant axis, with the multiplicative factor (in

percentage change from original value) indicated. This means that
ⴚ100 corresponds to a constant value at the peak 390 ms, ⴚ50 corresponds to the tails of the curve only reaching halfway down to the
control value. (For increases, i.e., values above 0, a lower limit of 1 ms
was used.) C: Normalized conductance of the fast and slow components of Ih as well as IK(AHP) are plotted versus time to show how these
conductances change in relation to the membrane potential plot
shown in A. (To see how currents develop over time, see also Fig. 6B.)
Left scale shows magnitude of conductance of Ih fast and slow, while
right scale shows magnitude of conductance of IK(AHP). Note the clear
increase in IK(AHP) with the second spike. Decreases in h(slow) are
shown in D. D: Fast (larger orbit) and the slow component’s normalized conductances (smaller orbit) are plotted versus membrane potential (ⴚ60 to ⴙ10 mV). Relation to time can be seen in C. As shown in
the larger orbit, the two cycles are almost superimposed, indicating
that the fast component does not change signiﬁcantly between the two
spikes, i.e., it does not contribute to making a difference between the
ﬁrst and the second spike. The slow component, in contrast, decreases
(shifts downward) between the two spikes. The reduction of the slow
component is 6.4 times larger than the reduction of the fast component, indicating that reduction in the depolarization caused by deactivation of the slow component of the current may contribute to the
clustering.

tions together with INaP, as shown in Figures 6A and 7C, and also
demonstrated by the absence of oscillations in the absence of a fast
component of Ih. As shown in Figures 6A and 7C, as well as the
absence of oscillations in the absence of a fast component of Ih, the fast
component is the main source of the oscillations together with INaP.

Fast and Medium Afterhyperpolarizations
With regard to the modeling of the mAHP in Figure 6B and
modeling of spike clustering phenomena, the Ih time constants are
not known for voltages greater than ⫺40 mV, but the action
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potentials go well beyond this value. Therefore, the size of the Ih
time constants during the spike are not known. In any event, it
seems clear that Ih does not have time to close fully during the spike
(Spain et al., 1987). Consistent with this possibility is the observation that blocking of Ih with ZD7288 affects the shape of the spike
and the subsequent mAHP. If some degree of current remains
during the spike, the period after the spike will be affected, and
thus the membrane will retain a sort of memory for the last spike,
as indicated in Figure 7C. Because of this, Ih may also inﬂuence
phenomena such as spike clustering.
The relatively shallow fAHPs of SCs may be due to h-current
activation during the repolarization. Further, a better ﬁt to the
shallow fAHPs in the experimental data was obtained when the
simulations included an initial segment compartment. In addition
to this inﬂuence, inclusion of the initial segment also gave a better
ﬁt for the action potential and spike frequency adaptation, as in
other work (Ekeberg et al., 1991; Traub et al., 1994; Driesang and
Pape 1997).

Clustering
A number of factors may contribute to the phenomenon of
clustering. The calcium-dependent potassium current KAHP appears to play an important role in causing clustering. An additional
source of clustering may be the noisy properties of the Na channel,
as suggested by White et al. (1998). In experiments as well as in
these simulations, reduction of calcium inﬂux strongly reduces the
clustering tendency (Klink and Alonso, 1993), which is understandable, since KAHP activation counteracts repeated spiking. As
shown in Figure 9B, IK(AHP), plays a key role in clustering together
with the slow component of Ih. Spiking leads to Ca-inﬂux that
activates the Ca-sensitive IK(AHP) and the depolarized potential
levels during the spike lead to deactivation of the slow component
of Ih. As shown in Figure 9, the region of parameters producing a
full range of features, oscillations, single spikes, clustering, and
tonic ﬁring is quite extended. This analysis indicates the region of
existence of these physiological components. The region in which
these are produced frequently and robustly is smaller, but it also
shows robustness for the parameters. The operating point for clustering that was found for the slow time constant of Ih and for the
conductance of IK(AHP) is rather close to the border of the Ih time
constant scaling value of ⫹5 beyond which only single spikes are
seen. This is a common feature in control theory, where systems are
located close to the boundary (but with some safety margin) to
facilitate rapid state transitions.
In conclusion, clustering might depend on two components,
one depolarizing on a shorter time scale, and one hyperpolarizing
on a longer time scale. Ih rebound after the fAHP could contribute
to the ﬁrst component, and subsequent IKAHP and Ih(slow) activation to the second component.

Space Clamp
The uniform distribution of Ih in this modeled neuron is an
assumption. In CA1 pyramidal cells, there is a high distal density of
Ih, as shown by immunohistochemistry (Santoro et al., 1997) and
electrophysiology (Magee, 1998). In the voltage-clamp recordings,
the current does not undergo the immediate step increase which
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would be expected in response to the voltage step starting from a
potential which gives a conducting state of Ih. Instead, the current
increase shows a ﬁnite slope during the initial rise in response to the
voltage step. In the model, an increased density of Ih in the distal
portions of the dendrite gave an overall better ﬁt to this portion of
the voltage-clamp data (data not shown). The possibility of space
clamp affecting a sizable Ih current at distal locations is further
supported by the fact that a version of the cell model with larger
dendritic attenuation (longer and thinner compartments) gave further improved ﬁt to the experimental data (data not shown).
Apart from this effect on the rising phase of the current, would
a distal location of Ih lead to incorrect results due to dendritic
ﬁltering? Previous research suggests that spatial segregation of
channels from recording should not have a large effect on the
determination of reversal potential (Spruston et al., 1993). Neither
should this segregation affect the channel kinetics, which are rather
slow for Ih (Spruston et al., 1993). There might be some minor
effect on the steady-state activation curve due to differences in
potential between the recording site and the potential at the site of
the channels themselves. These would primarily affect slope, but
might also affect the half-activation potential (Spruston et al.,
1993). The passive delay of a distally generated Ih current due to
the low-pass ﬁltering of the dendrite may not be as large, however,
in the model as in the real cell.

Role of INaP and Ih
Some properties of how INaP and Ih inﬂuence membrane potential changes have been observed during the simulation work. The
derivative of the INaP steady-state activation curve controls the
ampliﬁcation of voltage ﬂuctuations and hence the stability of the
membrane potential (the risk of runaway depolarization leading to
spikes). NaP current inactivation may stabilize the excitability of
cells due to the inactivation during long periods of depolarization.
For the h-current, the steady-state activation had to be modeled
quite accurately around the positive end. A regular Boltzmann
approximation will overestimate the current in this region. This
will then have to be compensated by a larger conductance for INaP.
This will give an extra depolarizing bias current, which will change
the resting potential or the input resistance. Further, the slope of
the regular Boltzmann is not as large as the experimentally observed curve in this region. Use of the smaller slope of the regular
Boltzmann would impair the generation of subthreshold oscillations in the simulation (data not shown).
The time constant of activation was best ﬁtted with two exponentials. The amplitudes of these two components varied with
voltage, with almost equal amplitudes around ⫺60 mV and increasing relative size for the fast component on each side of this. To
include this in the model, the steady-state function was split into
two components. The effect of this within the oscillation potential
interval is a small change in relative contribution of the fast component to the slow component, and a small change in the rate of
change of the fast component.
In the present work, we have described how the two components of Ih may serve different roles in the activity displayed by the
cell: the fast component in the generation of subthreshold oscillations, and the slow component in the generation of clusters. It is

382
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also interesting to note the similarities in time constant of the two
components of Ih when they exert their contribution. The fast
component contributes primarily to oscillations, and in the oscillating regime the time constant is ⬃60 ms. The slow time constant
contributes mostly to the clustering, and in the spiking regime
(around ⫺10 mV), the time constant is 26 also 60 ms. This observation may be paralleled with the experimental data on the average
frequency of subthreshold oscillations, 8.6 Hz, and the frequency
of spikes within a cluster, commonly ⬃10 Hz.

Functional Implications
The factors inﬂuencing subthreshold MPOs may play an important role in the network dynamics of entorhinal cortex and its
interactions with the hippocampal formation. Cholinergic modulation has a strong effect on inducing subthreshold oscillations in
the slice (Klink and Alonso, 1993, 1997a,b) and also inﬂuences
theta rhythm ﬁeld potential oscillations in whole animal preparations (Alonso and Garcia-Austt, 1987). Cholinergic depolarization
in the SCs is mediated by the activation of a “noisy” cation current,
known as INCM (Shalinsky et al., 2002). This current has a quite
slow kinetics and would not affect spike or oscillation properties,
but NCM-channel noise could, as discussed above, promote the
generation of more robust oscillations. The inﬂuence of currents
underlying subthreshold oscillations could make the network resonate at theta frequency. The detailed single cell simulations containing these currents presented in this study will permit analysis of
their role in network dynamics. SCs are rhythmically and strongly
inhibited by layer I–II interneurons (Dickson and Alonso, 1997).
The presence of Ih not only enables the cell to show subthreshold
membrane oscillations, but also to give a rebound spike in response
to a hyperpolarizing input. In consequence, if a population of
oscillating SCs is inhibited simultaneously, they will respond to
this input by synchronizing their activities through a “reset” phenomenon implemented by Ih.
The relative timing of neuronal activity within the entorhinal cortex and hippocampus could be very important to the functional interaction of these regions. Different cell types show preferential activity
during different phases of theta in both hippocampus (Fox et al.,
1986; Skaggs and McNaughton, 1996), and entorhinal cortex
(Alonso and Garcia-Austt, 1987). This may allow afferent input to
arrive in the hippocampus at a particular phase relative to intrinsic
dynamics. In particular, it has been suggested that alternating phases
of dominant afferent input and intrinsic excitatory spread may enhance the encoding and retrieval of activity sequences within the hippocampal formation (Wallenstein and Hasselmo, 1997; Sohal and
Hasselmo, 1998). In network simulations of potential mechanisms of
episodic memory function of the hippocampal formation, phasic
changes in neuronal activity prove important for terminating prior
retrieval activity during the initiation of a new retrieval cycle (Hasselmo and Wyble, 1997, Hasselmo et al., 2002).
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NOTE ADDED IN PROOF
In a recent experimental HCN1 knockout study in entorhinal
cortex (Nolan et al., 2003), several of the conclusions in this work
were supported. The current studied had a biphasic kinetics as the
one in our study. In the knockout, sag was absent, as well as
subthreshold oscillations, and spike clustering was affected.
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APPENDIX

and the saturation 30 (arbitrary units). The maximal conductance
was adjusted to match the sAHP depth (Alonso and Klink, 1993).
␣ m 共关Ca 2 ⫹ 兴兲 ⫽ min共6.0 䡠 关Ca2 ⫹ 兴, 30兲
␤ m ⫽ 1.0

IONIC CURRENTS
Voltage-dependent conductances were modeled using a
Hodgkin-Huxley type of kinetic model. Reversal potentials were
for Na⫹ ⫹ 87 mV, K⫹ ⫺ 83 mV, and Ca2⫹ ⫹ 80 mV. The Na⫹
current responsible for the fast action potentials had a kinetics
taken from a model of hippocampal pyramidal cells (Traub et al.,
1991, 1994). Both the Na as well as the K current were shifted ⫹5
mV to make the spiking threshold more positive, around ⫺50 mV.
The spatial distribution and maximal conductance of all currents
on the different compartments are found in Table 2. The maximal
conductances were adjusted to match the action potential rate of
depolarization (Na⫹) and rate of repolarization (K⫹), as well as
spike threshold, amplitude, and duration (Na⫹ and K⫹) of experimental data (Alonso and Klink, 1993).

KC
The fast calcium- and voltage-dependent K⫹ current was modeled according to Traub et al. (1991). The maximal conductance
was adjusted to match the fAHP depth, and Ca-dependent spike
repolarization rate (Alonso and Klink, 1993).
V ⱕ 0.050
␣ m 共V兲 ⫽

exp共53.872V ⫺ 0.66835兲
0.018975

␤ m 共V兲 ⫽ 2000兵exp关共0.0065 ⫺ V兲/0.027兴其 ⫺ ␣m
V ⬎ 0.050
␣ m 共V兲 ⫽ 2000兵exp关共0.0065 ⫺ V兲/0.027兴其

Na

␤ m 共V兲 ⫽ 0
320 䡠 10 3 共0.0131 ⫺ V兲
␣ m 共V兲 ⫽
exp关共0.0131 ⫺ V兲/0.004兴 ⫺ 1
␤ m 共V兲 ⫽

280 䡠 10 3 共V ⫺ 0.0401兲
exp关共V ⫺ 0.0401兲/0.005兴 ⫺ 1

␣ h 共V兲 ⫽ 128 exp关共0.017 ⫺ V兲/0.018兴
␤ h 共V兲 ⫽

4 䡠 10 3
1 ⫹ exp关共0.040 ⫺ V兲/0.005兴

CAN
The nonspeciﬁc Ca2⫹-dependent cationic current was modeled
similarly to the calcium-dependent K⫹ current found in Traub et
al. (1991). The maximal conductance was adjusted to match the
depolarization following carbachol application (Klink and Alonso,
1997a,b).
␣ m 共关Ca 2 ⫹ 兴兲 ⫽ min共0.02 䡠 关Ca2 ⫹ 兴, 10兲
␤ m ⫽ 1.0

Kdr
␣ m 共V兲 ⫽

16 䡠 10 3 共0.0351 ⫺ V兲
exp关共0.0351 ⫺ V兲/0.005兴 ⫺ 1

␤ m 共V兲 ⫽ 250 exp关共0.020 ⫺ V兲/0.040兴

CaL
The high-threshold Ca2⫹ current was modeled according to
Traub et al. (1994). The maximal conductance was set to the same
value as in Traub et al. (1994).
␣ m 共V兲 ⫽
␤ m 共V兲 ⫽

1.6 䡠 10 3
1 ⫹ exp关⫺72共V ⫺ 0.065兲兴

20 䡠 10 3 共V ⫺ 0.0511兲
exp关共V ⫺ 0.0511兲/0.005兴 ⫺ 1

KAHP
The calcium-dependent K⫹ (afterhyperpolarization) current
was modeled according to Traub et al. (1991), with the slope 6.0

CA2ⴙ BUFFERING
The Ca2⫹ diffusion and buffering was modeled according to
Traub et al. (1991) and McCormick and Huguenard (1992). To
take into account the differences in distances and diffusion constants for the calcium related to the different currents, the calcium
kinetics was modeled separately for each case. For the calcium
related to the calcium-dependent K⫹ current, the diffusion rate
constant of 0.2 s was set to give the spike frequency adaptation rate
according to Alonso and Klink (1993). The conversion factor, ,
from charge density to concentration for each compartment is
found in Table 2, and the minimal [Ca2 ⫹ ]i was set to 5.0 䡠 10⫺3.
For the fast calcium- and voltage-dependent K⫹ current, the calcium values were 0.5 ms, 17.402 䡠 1012, and 5.0 䡠 10⫺6, respectively, and the related values for the nonspeciﬁc Ca2⫹-dependent
cationic current were 0.133s, 17.402 䡠 1011, and 5.0 䡠 10⫺3,
respectively.

